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• Information about parses can
improve alignment quality
(DeNero and Klein, 2007; 
Fossum et al, 2008; 
Pauls et al, 2010).

• Information about alignment can
improve parse quality (Smith and
Smith, 2004; Burkett and Klein, 2008).

• This talk: performing both tasks jointly.
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Reference
At this point the cause of the plane collision is still unclear.

Baseline (GIZA++)
The cause of planes is still not clear yet.

目前 导致 飞机 相撞 的 原因 尚 不 清楚
Currently cause plane crash DE reason yet not clear

Joint Model
The cause of plane collision remained unclear.
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• Alignments and syntax are mutually constraining.

• The tasks of parsing and word alignment both gain 
from joint, weakly synchronized modeling.

• Our bitext parse-and-aligner will be available for 
download at http://nlp.cs.berkeley.edu.

http://nlp.cs.berkeley.edu
http://nlp.cs.berkeley.edu
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